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Executive Summary

MSHA'’s Quantitative Risk Assessment (QRA) provides two types of calculations: (1) an
estimation of the mean respirable coal mine dust (RCMD) concentration that will be necessary
to meet the proposed rule, and (2) an estimation of the potential reduced incidence of disease
associated with meeting the RCMD reductions. The comments focus on the first set of
calculations, while another Exponent report discusses the underlying epidemiologic studies that

were used in the benefits assessment (Kelsh and Doemland, Exponent 2011).

5 concentration data for a data set

MSHA provides a detailed statistical analysis of the RC
from 2004-2008. However, the analysis is overly complicated and makes a number of

questionable assumptions. A few of the key issues include:

« The QKA makes contradictory statements about the number of samples used

in the analysis, which makes reproducing the MSHA analysis impossible.

e The QRA only includes operator data for 2008, based on the conclusion that
a downward temporal trend exists. However, the trend can be also explained
by the fact that there is increased sampling error associated with decreasing
sample size for the right-skewed data. Therefore, it is very possible that there
was no actual change in RCMD concentrations over time as MSHA has

assumed.

s The Analysis of Covariance (ANOCOVA) model used by MSHA is overly
complicated and relies on an unnecessary non-parametric distributional
analysis. As demonstrated in these comments, the RCMD data are well
described by a mixed log-normal distribution. We provide the fitted

parameters of the distribution so that MSHA can use it to refine the analysis.

MSHA'’s analysis of the required RCMD reductions needed to meet the proposed standard is not
adequate and substantially underestimates the necessary reductions. Three major changes need

to be accounted for: (1) the change in the compliance level from 2 mg/m3 to 1 mg/m3, (2) the
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change in the compliance basis for a 5-shift average to a 1-shift exceedance, and (3) the
substantially greater number of samples required to be collected. MSHA has fully accounted for
only the RCMD compliance level. [t has partially, but not fully, accounted for the change in the
compliance basis. It has not made any attempt to account for the change in the number of

samples required to be collected.

Calculations of required RCMD reductions are provided that account for all of the changes in
the proposed rule. Data for longwall tailgate operators were used to demonstrate the method.
To achieve an annual probability of 95% for going a year without a violation, the mean RCMD
levels for longwall tailgate operators would need to be reduced to 0.14 mg/m’, or a 90%
reduction. To achieve an annual probability of compliance of 99%, the mean RCMD levels for

longwall tailgate operators would need to be reduced to 0.11 mg/m’, or a 92% reduction.

The QRA also lacks a quantitative uncertainty analysis, which is necessary for readers to

understand the potential uncertainties in the benefits assessment.

MSHA devotes less than a full page to discussing the technological feasibility of the rule and
argues that meeting the standard will not be too difficult, because many operations already have
dust levels less than 1.0 mg/m’. However, the calculations in these comments showing the
required RCMD reductions contradict MSHA’s claim. The concentrations necessary to ieet
the proposed standard with a reasonable rate of compliarnice are extremely low, and mine

operators have indicated that these levels are not feasible.
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Introduction

The MSHA Quantitative Risk Assessment (QRA) provides two significant calculations:

e Estimate of the reduced coal-mine dust level required for compliance with the

proposed rule.

e Estimate of the reduced incidence of respiratory disease, including coal
worker pneunioconiosis, emphysema, and non-malignant respiratory
mortality (NMRD), associated with achieving the estimated coal-mine dust

reductions.

The most significant commernts relate to the calculation of the reduced coal-mine dust level
required to meet the standard. The analysis shows that MSHA has considerably underestimated
the effect of the different elements of the rule changes. Before describing this analysis, we first
provide some general comments on the QRA that address issues of transparency and data

analysis.

The health effect incidence calculations rely on a series of epidemiologic models. Exponent has

separately provided comments on those models (Kelsh and Doemland, Exponent 2011).

To perform this review, the 20042008 coal-mine dust data used by MSHA in the QRA analysis
were requested and obtaired, including both the inspector and operator data sets. The

calculations in these comm:ents are based on these data sets.
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General Comments

Introduction

This section provides general comments about the calculations and statistical methods used in
the QRA. Generally, the QRA is overly complicated and relies on more complex statistical
methods than is necessary. This makes the document opaque and difficult to read. Some of the
comments below contain suggestions for reducing the complexity to provide a more
straightforward and accurate analysis. Other comments relate to inconsistencies and

inaccuracies in the calculations.

Number of Coal-Mine Dust Samples Used in the Analysis

There are several inconsistent statements regarding the number of coal mine dust samples used
in the analysis. MSHA eniployed a database of coal-mine dust samples collected in 2004-2008.
On page 4, the QRA refers to a total of 181,767 valid (non-voided) samples and states:

Appendix B provides details on an additional 20,833 samples excluded from
this QRA either because they could not be linked to an occupational exposure
or because they were collected within 21 days of samples collected on a prior
MSHA dust inspection day. The later samples were excluded because they
were generally collected in response to excessively high dust concentration
measurements on the first day of an inspection. [Samples collected more than
21 days apart may be considered to come from independent inspections.]
Appendix C contains a statistical analysis of these samples and explains why
retaining them would bias the occupational exposure estimates. The remaining

146,917 valid occupational ‘Day-1’ samples...

The total of 146,917 samples is quoted in Table 1 on page 6 as the total number of valid
“Day-1” respirable coal-mine dust (RCMD) concentration samples collected by MSHA
inspectors during 20042008, after excluding (a) intake air samples, (b) samples not associated

with an occupation, and (c) samples collected within 21 days after “Day 1”” of an MSHA dust
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inspection. This same number is quoted on page 8 as the number of “valid occupational ‘Day-1’
samples by job category.” However, 181,767 minus 20,833 is 160,934, not 146,917. So itis
not clear many samples were actually analyzed. MSHA should address this apparent
discrepancy and, if necessary based on their review, should update these analyses with a

consistent and well-documented explanation of the number of samples analyzed.

Furthermore, Table 34 (page 93) indicates that, of 181,767 valid (non-voided) samples, a total
of 14,016 were excluded as non-Day-1 samples, leaving a total of 167,750 valid Day-1 samples.
Also, the table indicates that 9,906 of these were Intake Air samples that are explained as having
all been excluded from the quantitative risk analysis (QRA), as was one miscoded sample,
leaving a total 157,844 samples potentially available for the QRA. It is then stated (on page 93,
paragraphs 2-3), “In addition, 10,927 Day-1 samples were excluded because they could not be
linked to an occupational exposure. ... Therefore, the QRA relies on a total 0f 167,751 — 1 —
10,927 = 146,917 valid Day-1 MSHA inspector samples.” However, 167,751 — 1 — 10,927
equals 156,823, not 146,917. Moreover, of the 157,844 samples potentially available for the
QRA mentioned above, only 7,382 appear to be flawed in the sense that they either (a) have a
job code that is missing or excluded (or equal to zero), (b) have a work location that is missing
(or equal to zero), or (c) have a missing (non-numeric) Dust Concentration or ApplDustStand
value, assuming that zero values of job code and/or work location are intended to be excluded.
This leaves a total of 157,844 — 7,382 = 150,462 apparently valid samples, which again is
greater than 146,917.

An appendix needs to be added that explains the data files that were used. It should provide a
clear, step-by-step explanation of exactly what criteria (in terms of variables defined in those
data files) were used to define each final data set used in each analysis referred to in the QRA.
Only with such an explanation could any reader repeat these analyses. The appendix should
also include how job codes and/or work locations with a value of zero are intended to be
interpreted. Such explanatory material is now either absent, or obfuscated by being dispersed in

the report text, table footnotes, and appendices.
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Missing Entity Code

On page 5, reference is made to “the 4-digit entity code” in the raw coal-mine dust data text

file(s). However, in the ‘Inspector Samples.txt” file, the Entity Code values, if present, were all
integer values ranging from 0 to 9999, and were thus not character codes all containing 4 digits.
The text needs to clarify whether the data files, which contain integer values for the Entity Code
without any leading zeros, can be used to repeat the analysis performed, or instead whether any

of the leading zeros are required for correct data interpretation.

Temporal Trends

Table 5 of the QRA tabulates the number of valid “Day-1"" samples collected per work location.
However, the QRA does not explain or comment on the unusual patterns in Table 5. First,
within each occupation, the year-specific mean sampling rates, R, of the number of valid
samples per work location (WL) are all substantially less than those corresponding to the entire
5-year period 2004-2008 (evidently due to substantial WL overlap across years). Second, for
nearly all underground occupations, there are apparently significant negative linear trends in R
over time (i.e., fewer samples taken per work location over time). Each of these factors can bias

the statistical analysis.

The QRA concludes that “there is, in fact, a correlation between average dust concentration and
the number of Day-1 samples at specific WLs” (i.e., between the coal-mine dust concentrations
in a work location and the number of samples taken at the work location). For this reason, and
because of potential temporal trends in WL-specific RCMD, the QRA: (at p. 24-25) explains that
all of its subsequent analysis considers only (Box-Cox transformed values of) WL-specific
mean RCMD, independent of R. However, no consideration is given to the substantial skewing
(approximate single-lognormal or mixed-lognormal distribution) of the RCMD data. From this
skewing, it is expected that larger sample sizes will be associated with larger sample means, and
thus (due to the temporal trends in underground sample size per WL evident from Table 5), the

D values should exhibit a downward temporal trend due

underground sample mean RC
(spuriously) to reductions over time that occurred in R (the number of samples taken per WL).

This questions the validity of the statement made on page that “A negative value indicates a

QMS QA ID no. 1007321.000 DOTO G411 RR18 4



decline (i.e., improvement) in median dust concentration. Measurements on underground
laborers, for example, improved significantly over the 5-year period, at an annual rate averaging

about 10 percent.”

The nested ANOCOVA model used in the QRA to analyze the inspectors’ data included data
from all years 2004—2008; however, operator data were restricted to 2008 only. The logic for
including the operator data in the analysis, and for restricting these data to 2008, is stated on

p. 24:

Although improvements in average dust concentration over the period 2004—
2008 were evident for several occupational categories ... Therefore, undue
influence of measurements in earlier years constitutes one source of potential
bias with respect to estimates of current exposure conditions. Second, there is
evidence suggesting that dust concentrations are lower than average on shifts
sampled by MSHA inspectors. [References footnote 24 — “See MSHA, 1993.
Also, anecdotal evidence was presented in oral testimony at the public hearings

on proposed coal mine dust regulations held in August, 2000 and May, 2003.”

Thus, a study that pre-dates all of the 2004-2008 was used, together with anecdotal evidernce, as
the basis for justifying the calculation of “adjusted” data using an algorithm that combined
inspector data for 2004-2008 together with operator data restricted to 2008 only. The
conclusion that there were “improvements in average dust concentration over the period 2004—
2008” is not established using the 2004-2008 inspector data, given that RCMD levels were
skewed to the right in all years, and the number of underground measures per location declined
significantly from year to year (see Table 6, page 18). Thus, a downward trend in the average
level per WL is expected due to increasing sampling error associated with decreasing sample

size for the right-skewed data, absent any real change in RCMD distributions over that period.

The QRA (2010, p. 3) notes that “sampling requirements for the operators’ program target those
occupations and areas in a mine that MSHA considers most likely to experience the highest dust
concentrations on a given shift [, which] sampling strategy is intended to protect all workers by

monitoring the most highly exposed.” The countervailing claim (pp. 3-4) that “MSHA
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inspectors’ sampling data, on the other hand, include dust concentration measurements” that
reflect “potential alterations of work practices in the presence of an inspector” is not supported
by evidence from any specific data analysis, and in any event, such bias could be quantified
easily by bounding typical location-specific temporal RCMD variability using sets of

continuous-monitoring data.

An independent assessment of temporal trend by job category in the MSHA inspector Day-1
sample data shows no meaningful temporal trend in any category or for the aggregated data.
While some such trends reach nominal statistical significance, they explain virtually zero

percent of the variance of the natural-log-transformed RCMD data, and therefore have no

practical significance.

Consequently, the decision in the QRA to exclude any pre-2008 data in the QRA, and/or to
include time as a relevant factor in the analysis, is unjustified. MSHA should re-analyze a data
set that includes the years 2004-2008 to obtain a better assessment of current dust levels in U.S.
underground mines, and then should consider the feasibility of meeting the proposed rule’s

concentration level of 1.0 mg/m’ (in the context of other proposed rule requirements).

Analysis of Covariarice Approach

Appendix G of the QRA concludes that a substantial fraction of adjusted Day-1 WL-specific
natural-log-transformed data exhibit non-normality. Thus, a Box-Cox data transformation was

used, which greatly complicates the data analysis.

However, an independent analysis of the transformed inspector data by job category (excluding
Part-90 miners, for whom there were very few data) shows that, when each MineID- and WL-
specific set of untransformed data is normalized (divided) by its corresponding applicable dust
standard (ApplicableDustStd) value, the resulting log-transformed data sets aggregated by job
category are, in each, either approximately normally distributed (for 9 of 33 job categories), or
otherwise approximately distributed as a mixture of two normal distributions for the remaining
job categories (see Table 1). These approximations are all fairly or highly accurate.

Specifically, in each job category, the coefficients of determination (i.e., R* values) were all
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>0.998, with most considerably closer to 1. The Kolmogorov one-sample goodness-of-fit test p-
values were >0.3 for all job categories but one (S8), and for that one, the R* was 0.998 (with n =
8,878), indicating little practical importance of the minor, albeit statistically significant, lack of
fit for this one category. For this analysis, a very small fraction (on average 0.031%) of all
(149,899) data were pre-excluded as outliers, defined as any log-transformed, RCMD-standard-
normalized RCMD concentration having a standard normal score (calculated using all
corresponding MinelD- and WL-specific data) indicating a likelihood < 0.0001. The final data

set included a total of 149,852 measures.

The mixed lognormal distributions in Table 1 provide a more accurate and simpler basis for

performing statistical analysis with the coal-mine dust data set.
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Table 1.

Summary of distributional analysis of log-transformed MSHA inspector data, by job category.

Mixed normal model parameters:

T Prob(Xsx) = (1-p)b{(x-u)/e1] + p Gl(x-12)/o2] S e e

Code® N p il - - P P-value R* ~ P-value Pr(Ratio>1)*
U1 118 -0.870647 0.245379  -1.15593  0.772498 0.617598 0.016571 0.997833 0.998 0.042
U2 16981 -1.00577  0.716085 -0.492163  0.564833 0.220868 107° 0.99997 0.955 0.11
U3 567 <1.23124  0.924781 -0.461161  0.54055 0.312152 0.00021 0.999274 0.940 0.12
U4 636 -1.46212  0.930144  -1.21549  0.530642 0.378101 0.028 0.999637 0.997 0.040
us 2409 -1.73119  0.778026  -1.73119  0.778026 0 0.091 0.999512 0.743 0.013
U6 995 -1.12149  0.428353  -1.84694 1.05052 0.861761 0.010 0.999856 0.99999 0.035
u7 598 -2.11788  0.487236  -1.55838  0.600508 0.377188 0.022 0.999725 0.9992 0.0018
us 1936 -2.03668  0.344063 -0.848808  0.576299 0.922634 0.00045 0.999849 0.995 0.065
U9 2000 -0.670991 0.496959 -0.670991  0.496959 0 0.034 0.999265 0.33 0.089
u10 1028 -0.502403  0.584618  -0.473415  0.322903 0.366929 0.0045 0.99974 0.9881 0.15
u11 963 -1.51909  0.763103  -1.51909  0.763103 0 0.70213 0.999578 0.990 0.023
u12 3384 -1.14696  0.619672  -1.44168  0.981394 0.175428 8x 107 0.99992 0.993 0.039
U13 33369 -2.70846  0.495417  -1.13292  0.710631 0.956481 0 0.999088 0.82 0.053
U14 8641 -1.53771  0.916098  -1.24275 0.85615 0.57182 <107 0.999972 0.96 0.0367
U1s 1149  -1.23088 0.65677  -2.68699  0.276245 0.0589964 0.00031 0.999646 0.975 0.029
u16 26679  -2.0323 0.567823  -1.01169  0.606551 0.694099 <107 0.999977 0.72 0.033
u17 820 -1.71247  0.795146  -1.71247  0.795146 0 0.39 0.999173 0.94 0.016
u1s 1984 -0.825375  0.191948  -1.35519  0.739529 0.950241 0.0015 0.999792 0.91 0.032
u19 3182  -1.35878 116058  -1.02544  0.644356 0.548448 <1070 0.999894 0.993 0.085
S1 667 -2.54988  0.950523  -2.54988  0.950523 0 0.40 0.997779 0.42 0.0037
s2 1702  -1.38985  0.509661  -3.14123  0.809767 0.826015 2%10°° 0.999638 0.82 0.00060
S3 7886 -2.88871  0.949271  -1.47411 0.81183 0.250768 0.00064 0.999867 0.76 0.0096
84 1593 -1.43004 0.75065 -2.9242 0.753699 0.333379 2 %107 0.99978 0.979 0.019
S5 463  -3.05337  0.792309 -0.839522  0.481682 0.0521871 0.00014 0.999451 0.997 0.0022
S6 2801 -2.92774 0.84 1.8 1.18 0.6 8x 107 0.999514 0.65 0.038
s7 642 -2.18401  0.860443  -2.18401  0.860443 0 0.33 0.997599 0.25 0.0056
S8 8778  -3.04322 1.08802 -4.68664  0.291702 0 207" 0.998066 3x107° 0.0026
S9 1115 -2.38598 1.07291 -1.22973  0.528432 0.129181 5x 107 0.999498 0.90 0.013
s10 1545  -2.43122 111153  -2.43122 1.11153 0 0.057 0.999299 0.70 0.014
S11 717 -2.39337 1.01377 -2.39337 1.01377 0 0.15 0.988039 0.70 0.0092
S12 5949  -3.11459 0.88 -2.14 0.8 0.5 0.000056 0.999851 0.92 0.0019
S13 1941  -2.13944 1,01664  -2.13944 1,01664 0 0.10 0.999073 0.37 0.018
S14 8614 276875 0017687  -1.47079  0.785824 0.268954 0.0034 0.999927 0.84 0.0092

# Job codes are listed for underground (U) and surface (S) mining occupational categories in the order these appear in Table 34 on page 91 of the MSHA (2010) report.

Part 90 workers, for whom relatively few inspector data are available, were excluded from this analysis. “Log” here denotes the natural logarithm.
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Biased Data Adjustment Methodology

The QRA uses the MSHA inspector RCMD data as the basis for its ANOCOVA model, because
it alleges that it is less biased. However, MSHA then introduces a biased method to upwardly

adjust the inspector data:

e When the estimate of samples exceeding the standard was greater for the
operator samples compared to the combined inspector and operator samples,

an upward adjustment was made to the dust concentrations.

e When the inspector samples are higher, no adjustment was made.

This approach was motivated by the concern that dust levels are temporarily lowered when
MSHA inspectors are present; thus, MSHA wants to adjust the inspector data upward to account
for this factor. However, when the operator data are higher than the inspector data, MSHA has

no real evidence that this is because of extra control efforts during the inspector sampling.

This adjustment method defeats the substantial efforts that MSHA makes to adjust the RCMD
for bias. MSHA should decide which data set it believes is superior and use it, rather than

mixing and matching the data sets to get the highest value.

QMS QA ID no. 1007321.000 DOTO 0411 RR18 9



Challenges in Meeting the Proposed Standard

Introduction

The QRA devotes a considerable amount of time and analysis to estimating the potential levels
of RCMD in the mines after complying with the new standard. Three separate changes are
included that will affect the dust concentrations required to comply with the proposed standard

as summarized in Table 2.

Table 2. Summary of changes in proposed rule that will affect compliance with the new

standard
Factor ) Current Standard Proposed Rule Accounted for in QRA
Compliance level 2 mg/m® 1 mg/m® Yes
Compliance basis 5-shift average 1-shift exceedance Partially, but
underestimates
Number of required Maximum of 5-shift Maximum of 3 shifts/day and 90 No
samples average per 2-month  days/quarter = 270 samples/quarter
reriod

?To address measurement error associated with RCMD measurements, the Excessive Concentration Value (ECV) for
determining compliance with an RCMD standard equal to 2 or to 1 mg/m3 is taken to be 2.33 or 1.13 mg/m®, respectively, in
accordance with U.S. Department of Labor, Mine Safety and Health Administration. Lowering Miners’ Exposure to
Respirable Coal Mine Dust, Including Continuous Personal Dust Monitors; Proposed Rules. XIl. Appendix A-Excessive
Concentration Values, Fed Register 2010; 75(201 [Tues. Oct 19, 2010]):64412- 645086, at pp. 64483-64484.

MSHA estimated the reduction in cor:icentrations required to meet the standard in two steps.
First, it compared concentrations within work locations currently under a l-mg/m3 standard
(e.g., a Part 90 miner) with its ANOCOVA model and estimated an expected reduction factor
(ERF) that applies to any measurement less than 1 mg/m>. This first pait is designed to estimate
the effect of changing the compliance level from 2 to 1 mg/m’. In the second step, it adjusted
any measurement above the proposed standard to 1 mg/ni’. This was designed to account for
the change from the current 5-shift average compliance basis to a 1-shift exceedance compliance

basis. Regarding the latter methodology, the QRA states:

MSHA recognizes that under successful implementatior: of the proposed rule,

average dust concentrations on those shifts corresponding to the portion
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currently exceeding the FEL [Federal Exposure Level] would almost certainly
fall somewhere below the FEL. However, MSHA knows of no valid
theoretical or empirical basis for estimating the degree by which ‘single-
sample single-shift’ enforcement would reduce exposures on these shifts

below the FEL.

We strongly disagree with MSHA’s contention that valid methods do not exist for estimating
the effect of changing from a five-shift average to a single-shift exceedance. Standard statistical
theory provides a method for estimating the change, and we demonstrate its application later in
these comments. In fact, standard statistical theory shows that changing from a five-shift
average to a one-shift exceedance represents a substantial change. MSHA needs to
acknowledge that the impact of one shift exceedance can be assessed using standard statistical
methods similar to what we present in these comments. MSHA would then need to comment on

the impacts of such an analysis on their discussions of feasibility and compliance strategies.

MSHA also failed to consider the substantial changes being required in sampling frequency. At
present, MSHA requires that Designated Operators (DOs) be sampled for five consecutive days
bimonthly. The proposed rule requires that the continuous monitors be employed “during each
production shift, seven days per week (Sunday through Saturday). 52 weeks per year.” Thus,
over a given two-month period, the current standard requires five samples, while the proposed
rule would require 180 samples, for a total of 1,080 samples per year. This represents a 36-fold

increase in the number of samples.

A large increase in the number of samples will lead to significantly greater chances of sampling
during an exceedance event, without any change in the average concentrations that exist at the
mine. Consider an analogy. If one is looking for four-leaf clovers (a relatively rare thing), one
is much more likely to find a four-leaf clover if one looks for 36 hours than if one looks for

1 hour. However, by looking for longer, the number of four-leaf clovers that exist has not
changed In the same way, dramatically increasing the number of samples will increase the

probability of finding an exceedance. even if the concentrations in the mine do not charige.
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Mine operators will need to substantially lower coal-mine dust concentrations to account for the
increased sampling regime, to maintain the current situation of exceedances being rare. Below,

we provide some quantitative estimates of the reductions that will be required.

Estimating the Reductions Needed to Meet the Standard

To estimate the reductions needed to meet the standard, a statistical sampling method was used
with the mixed lognormal distribution fits presented above. To demonstrate the method, we
used the distribution of measured RCMD concentrations, Cyt, experienced by longwall tailgate
operators, which had the highest mean RCMD level of 1.39 mg/m’ (Table 1). The estimated
parameters for the corresponding mixed-normal distribution in log-space are p; =—-0.502, 61 =

0.585, uy =-0.473, 6, = 0.323 (Table 1). The steps used to do this calculation were:

1. Draw samples from the mixed log-normal model of Cyr, with sample sizes
generated to parallel the expected number of samples to be collected under

the current and proposed standard.

o

Simulate five-shift average and single-shift RCMD levels

3. Estimate the reduction necessary obtain different levels of compliance.
Specifically, we considered 95% or 99% criteria to specify the level of
confidence for not having a single exceedance over a year. These confidence
criteria mean that the operator would reduce their likelihood of having an
exceedance for the longwall tailgate operator over a period of one year to 5%

or 1%, respectively.

The method assumes that the shape of the RCMD distribution (i.e., the relative variance)

remains unchanged (see discussion below).

The results for a 95% confidence criterion for non-exceedance are summarized in Table 3, and

the results for a 99% confidence criterion for non-exceedance are summarized in Table 4.
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Table 3. Reductions required to meet proposed standard with a 95% annual
compliance rate

Annual Non- Mean RCMD
RCMD for Standard? Compliance Rate at Concentration
(mg/ma) Compliance Method Current Levels % RCMD Reduction (mg/m>)
1 (proposed) Current 99.99% 54%" 0.85°
2 (current) Proposed 100% 79% 0.29
1 (proposed) Proposed 100% 90% 0.14

?See Table 2, note a.

®Under the current compliance methed, to ensure annual compliance, the RCMD concentration C* to be compared to the
1.13-mg/m?® ECV criterion associated with a 1-mg/m® standard (see note a) is the maximum RCMD concentration among
six bi-monthly maxima of two sample mean RCMD concentrations, with each mean based on a sample size of 5§ RMCD
measures each sampled randomly from the modeled Cyr distribution. The expected (i.e., population mean) and 95"
percentile values of the distribution characterizing sampling error in C* are 1.86 and 2.47 mg/m® respectively, and the latter
value exceeds 1.13 mg/m? by a factor of 2.19. Efforts to comply with the new 1-mg/m® standard are thus assumed to
induce a downward, 2.19-fold multiplicative shift in C.t and hence also in C*. Therefore, the resulting mean RCMD
concentration is (1.86 mg/m®)/2.19 = 0.85 mg/m®, which represents a relative reduction equal to 100% x (1 - 1/2.18) =

54%.

Table 4. Reductions required to meet proposed standard with a 99% annual
compliance rate

Annual Non- Mean RCMD
RCMD for Standard® Compliance Rate at Concentration
fmg/m3} Compliance Method Current Levels % RCMD Reduction (mc/ma)
1 (proposed) Current 99.98% 60%” 055"
2 (current) Proposed 100% 83% 0.28
1 (proposed) Proposed 100% 92% ) 0.11

#See Table 2, note a.

b Under the current compliance method, to ensure annual compliance, the RCMD concentration C* to be compared to the
1.13-mg/m® ECV criterion associated with a 1-mg/m® standard (see note a) is the maximum RCMD concentration among
six bi-monthly maxima of two sample mean RCMD concentrations, with each mean based on a sample size of 5 RMCD
measures each sampled randomly from the modeled C1 distribution. The expected (i.e., population mean) and 99™
percentile values of the distribution characterizing sampling error in C* are 1.86 and 2.85 mg/m°, respectively, and the latter
value exceeds 1.13 ma/m® by a factor of 2.52. Efforts to comply with the new 1-mg/m? standard are thus assumed to
induce a downward, 2.52-fold multiplicative shift in C.r and hence also in C*. Therefore, the resulting mean RCMD
concentration is (1.86 mg/m®)/2.52 = 0.55 mg/m®, which represents a relative reduction equal to 100% x (1 — 1/2.52) =

60%.

The results in Tables 3 and 4 show the effect of separately changing the compliance method
(i.e., five-shift average to one-shift exceedance, and added number of required samples) and the
RCMD level. If only the RCMD level is changed from 2 to 1 mg/m”, the analysis shows that
operators would need to reduce levels by 54% for a 95% annual compliance rate, and 60% for a

99% compliance rate. The respective mean RCMD concentrations would need to be less than
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0.85 mg/m’ for a 95% compliance rate and 0.55 mg/m’ for a 99% compliance rate. This would

represent a very substantial reduction in corcentrations over the current regime.

However, changing the compliance method has a larger effect. Even if the RCMD level were
still 2 mg/m® but the compliance method was changed as outlined in the proposed rule,
operators would need to reduce concentrations by 79% for a 95% annual compliance rate, and
83% for a 99% annual compliance rate. The mean RCMD concentrations would need to be less

than 0.29 mg/m’ for a 95% compliance rate and 0.23 mg/m3 for a 99% compliance rate.

If both the RCMD level changes to 1 mg/m’ and the compliance method is changed as outlined
in the proposed rule, the RCMD levels would need to be reduced by 90% for a 95% compliance
rate, and 92% for a 99% compliance rate. The mean RCMD concentrations would need to be

lower than 0.14 mg/m” for a 95% compliance rate, and 0.11 mg/m?> for a 99% compliance rate.

Clearly, the RCMD reductions required to meet the proposed rule with reasonable rates of
compliance are substantial. The mining companies have indicated that meeting average RCMD
levels as low as 0.1 mg/m’ is impossible for longwall operators. Only through significant
analysis of the information in the proposed rule is it possible to perform calculations such as
those presented above. In other words, the rule is not transparent about the actual RCMD
reductions that will be required. If MSHA's true intent is to force concentrations to these levels,
it should forthrightly say so. Obviously, MSHA needs to conduct further analysis of all aspects
([1] concentration level, [2] frequency of sampling, [3] rules for non-compliance) of the

feasibility of the proposed rule.

When these analyses were presented at a public hearing at MSHA in Arlington, Virginia,
MSHA questioned the assumption that the shape of the log-normal distribution would remain
the same following reductions mandated by the rule. In fact, the assumption made in this
analysis is that the effect of applying job-type-specific control measures to comply with new
regulations will be to induce a leftward (downward) multiplicative shift in the mixed log-normal
distribution that we estimated to be consistent with empirical data for that job category. Such an
expectation is reasonable, because (1) empirical evidence was already shown to be entirely

consistent with contributing log-normal components, and (2) that evidence was based on an
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analysis of data that was performed only after the normalization (i.e., dividing) of the measured
concentrations by compliance level specific to each job location and job category, as described
above. Table 1 presents compelling evidence that such underlying pre-normalized data,
combined within each job category, exhibit mixed log-normal distributions, which demonstrates
that compliance resulted in job-category-specific multiplicative shifts of the type assumed in the
subsequent analysis of compliance implications. [fthis were not the case, and more complex
types of shifts had, in fact, arisen due to compliance, then the data that had been pre-normalized
by corresponding standards would not be expected to exhibit the degree of consistency with
mixed log-normal distributions that is summarized in Table 1. Downward multiplicative shifts
of all concentrations within each job category, in response to compliance with more stringent
standards, provide the simplest explanation of the distribution characterization summarized in

Table 1.
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Lack of Quantitative Uncertainty Analysis

The QRA provides the reader little basis for assessing the uncertainty of its estimates. It
provides only a brief qualitative discussion and provides no quantitative estimates of

uncertainty.

The National Research Council (NRC) of the National Academy of Sciences has long
recommended that quantitative uncertainty analyses be provided for air pollution health effects
berefits analysis. The NRC stated in its 2004 Estimating the Public Health Benefits of

Proposed Air Pollution Regulations:

Other NRC reports addressed the issue of uncertainty in risk assessment and
benefits estimation (NAE 1972; NRC 1975, 1982, 1983, 1994, 1996;

Presidential Commission 1997). Without exception, they found that proper

characterization of uncertainty is essential” (emphasisadded).

The NRC specifically recommends a quantitative uncertainty assessment, when possible. From
the data presented in the QRA, a quantitative uncertainty analysis is easily possible. Both the
key inputs of the benefits assessment have uncertainty bounds. The RCMD data can be
characterized by statistical distributions with uncertainties around the mean. The epidemiologic
models include regression coefficients with associated uncertainty bounds. Therefore, a

quantitative assessment of uncertainty could be performed easily.

However, such Monte Carlo-type analysis has the potential to underestimate uncertainty due to
its lack of incorporation of model uncertainty. The major potential source of model uncertainty
in the QRA is the potential non-linearity of the concentration-response function and, in
particular, the potential for a threshold. MSHA acknowledges this, stating on p. 59 that peaks in
concentrations “may overload the respiratory system’s clearance mechanisms.” The potential
for a threshold could be a significant issue for the benefits. For these situations, the NRC
recommends expert judgment methods or a qualitative discussion. We recommend that MSHA

conduct the needed uncertainty analyses that NRC has developed.
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Feasibility of Meeting the Rule

MSHA devotes less than a full page to discussion of the technological feasibility of meeting the

new rule. It is worth quoting the first paragraph of this brief, four-paragraph discussion:

Based on both Agency and mine operator data, MSHA believes that this
pioposed rule is techniologically feasible. Data show that not only are mine
operators keeping miners’ exposures at or below the levels required under the
existing standards, but dust exposures at most operations average less than

1.0 mg/m>. Based on these data, the majority of miners® exposures are at or
below the limits in the proposed rule. MSHA understands that these data reflect
measurements under the existing sampling program and that requirements under
the proposed rule (e.g., use of single fullshift samples to determine
noncompliance, change in the definition of normal production shift) would result
in higher measured exposures compared to the existing sampling program.
However, existing engineering controls including ventilation, sprays, and
environmentally controlled cabs along with changes in work practices can be
used to further reduce dust levels. To facilitate operator implementation of the
requirements in the proposed rule related to the lower exposure limits, MSHA
has included a 24-month phase-in period to allow mine operators time to come
into compliance. During this phase-in period, MSHA will work with the mining
industry to help them identify, develop, and implement feasible engineering

controls, and train miners and supervisors in new technology.

Essentially, MSHA argues ihat, since many work locations already have exposures less than
1 mg/m’, meeting the new rule will not be difficult. Such a facile analysis is wholly inadequate

for such a large and econiomically significant change in the coal mining industry.

MSHA adds that its analysis does not consider some aspects of the proposed changes, but does

not mention the increased sampling requirements. It then makes a simple declarative statement
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that “existing” methods are available to meet the standard without any justification for its

conclusion.

MSHA is making a hand-waving argument: the change in the standard is relatively small, and
technology exists to meet the new levels, even if we are not sure what they are. However, it is
not possible to reach a valid conclusion regarding the technological feasibility of meeting the

proposed rule without a valid and complete analysis of the changes in dust concentrations that
would be required. MSHA did not conduct such an analysis; thus, it cannot reliably assess the

technological feasibility of meeting the proposed rule.
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Conclusions

From this review of the QRA, we have concluded:

e MSHA'’s statistical analysis of RCMD concentration data is overly complex,

and the discussion includes inconsistencies (e.g., the number of samples).

e MSHA’s RCMD concentration analysis could be refined by using the mixed
log-normal distributions derived in these comments, and by using a more

parsimonious model.

o MSHA has substantially underestimated the reductions in RCMD
concentrations that would be needed to meet the proposed standard. In
particular, they failed to-account for the incréased number of samples that the

rule requires.
e The QRA lacks a quantitative uncertainty analysis.

¢ Without an adequate analysis of the reductions required to comply with the

proposed standard, the technological feasibility analysis is inadequate.
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